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0 ¢ 15 Condorcet winner,

(1.5 ¢ wins the most pairwise elections but
no Condorcet winner exists,

1 otherwise
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Training Data | Training Accuracy
Xeverin 0.76
Xe—p 0.99
Xoip 0.91
Koo e 1.0
Xep UX 2, 0.91

Table I: Training accuracy when training with each subset of training data.
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Accuracy per Year
Training Data | 2006 | 2008 | 2011 | 2015
p P— 0.59 070 | 0.69 | 054
Xoep 092 | 094 | 0.94 | 091
KNesp 090 | 087 | 0.87 | 0.86
Nioe 038 | 047 | 052 | 035
Noep U XNy, [ 080 | 084 | 078 | 075
Table 2: Testing accuracy using a model trained on artificial data to predict the winner in each district

of each federal election.

True Accuracy per Year
2006 | 2008 | 2011 | 2015
095 | 097 | 096 | 097
Table 3: The frequency with which the true elected candidate in a real district is the candidate that
minimizes our penalty function,
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